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How does
conversational artificial
intelligence form
sentences?
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You ask how conversational artificial intelligence forms
sentences. The short answer: it picks small text pieces one
after another, based on the current context, using patterns
learned during training. This book explains each part of that
process step by step, starting from zero. You will see how
pieces become numbers, how the next piece is chosen, and
why the result can look fluent but still contain errors.

1



Written text is first cut into small pieces, often parts of words.
These pieces are the building blocks the system works with.
For example, the word 'unbelievable' might be split into 'un’,
'‘believ’, and 'able'. This splitting lets the system handle any
text, even new words, by reusing familiar pieces. The pieces
are sometimes called tokens, and they are the smallest units
the model processes.



Each small piece is turned into a number so a computer can
handle it. The computer never sees letters the way you do; it
works with these numbers. Every piece has a fixed number,
like a code. For example, the piece 'cat' might become the
number 3542. These numbers let the computer do math to
compare and combine pieces. The mapping from pieces to
numbers is set before training and stays the same.
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The pieces already present form the context. The system looks
at this context before choosing what comes next. Context
includes all the pieces so far, such as the user's question and
any answer built already. For example, after 'The sky is', the
context suggests that 'blue’ is a likely next piece. The model
uses the entire context, not just the last piece, to make its
choice.




The model calculates which piece fits best after the current
context. It gives many possible pieces different likelihoods and
picks one. Likelihood is a number showing how probable a
piece is. For example, after 'I drink’, pieces like ‘water' or
‘coffee' get high likelihoods, while 'car' gets a low one. The
model does not pick the single most likely piece every time; it
samples from the likelihoods, so answers can vary.
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The chosen piece is added to the text, and then the whole
thing repeats. Piece by piece, the answer grows. For example,
after adding 'blue' to 'The sky is', the context becomes 'The sky
is blue', and the model calculates the next piece. This loop
continues until a stopping point, such as a maximum length or
a special end piece. Each new piece depends on all previous
pieces.



The calculation comes from patterns of language learned
earlier from large amounts of text. These patterns guide which
piece fits which context. During training, the model sees many
examples of text and adjusts its internal numbers to predict
the next piece better. For example, it learns that 'Thank' is
often followed by 'you'. These patterns are statistical, not rules
written by hand. The training text provides the raw material
for all later choices.




The training text also carries knowledge links, such as which
things often appear together. The model uses these links when
choosing pieces. For example, it learns that 'Paris' often
appears near 'France' and 'Eiffel Tower'. These links are not
stored as facts but as patterns of co-occurrence. When forming
a sentence about Paris, the model may favor pieces related to
France. This is how knowledge influences sentence formation
without explicit lookup.




The system does not look up and copy whole sentences from a
stored collection. It builds each answer fresh from pieces.
There is no database of ready-made sentences that it pastes
together. For example, it does not find a stored sentence 'The
cat sat on the mat' and copy it. Instead, it generates the
sentence piece by piece, which is why the exact wording can
be new each time.
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Fluent text comes from good piece-by-piece choices, not from
copying. The flow emerges from many small fitting decisions.
Each piece is chosen to fit the context, so the overall sentence
sounds natural. For example, the model might build 'The
weather today is quite pleasant' by selecting each piece in
turn. Because each choice is locally appropriate, the whole
answer reads smoothly, even if it was never said before.
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Smooth, fluent text does not mean every stated fact was
checked. The model fits language; it does not confirm truth.
For example, it might produce a fluent sentence with an
incorrect date or name because the pieces fit the context well.
Fluency is about language patterns, not about verifying facts
against reality. You should treat confident answers as
unverified unless you check them.
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A common wrong idea is that the system pastes ready
sentences. It does not. It assembles small pieces step by step.
For example, it does not have a stored sentence for every
possible question. Instead, it builds a new sentence from
pieces each time. This is why the same question can get
different answers on different occasions. The building process
is dynamic, not a simple lookup.
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Another wrong idea is that the model thinks or understands
like a person. It calculates likely next pieces from learned
patterns. It does not have beliefs, intentions, or consciousness.
For example, it does not know what 'blue’ looks like; it only
knows which pieces tend to follow which contexts.
Understanding in the human sense is not part of the process.
The model is a statistical pattern machine.
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A third wrong idea is that a fluent answer must be correct. A
confident, smooth answer can still contain errors. Fluency and
factual accuracy are two different things. For example, the
model might fluently state that a certain event happened in
1990 when it actually happened in 2000. The smooth flow
comes from language patterns, not from fact-checking. Always
verify important information from reliable sources.
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Review the full chain: split into pieces, use context, calculate
the next piece, add it, repeat. Training patterns supply the
knowledge links along the way. For example, to answer "What
is the capital of France?', the model splits the question, uses
context to favor pieces like 'Paris’, and builds the answer piece
by piece. The patterns from training guide each choice, and
the loop continues until the answer is complete.
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Sentences are built piece by piece from context and learned
patterns, not copied from a store. Remember that fluent text is
not the same as verified facts. The model calculates likely next
pieces and adds them one after another. This process uses
patterns from training, including knowledge links, but does not
guarantee truth. Keep this in mind when you read Al-
generated text.




